Various equivalent characterizations of normality are considered and a measure theoretic definition Is given for strongly normal lattlces. Measure conditlons related to the apace of o-smooth, latt|ce-regular, 0-I measures are noted which imply, or are equivalent to, the space being Hausdorff, regular, or prime romp lete.
I. INTRODUCTION AND BACKGROUND.
Our concerns in this paper are two-fold. First Also, many results hold equally well for a more general measure than 0-I valued measures.
Second, we initiate in some detail a study of reftectlona of lattice properties to the Wailman replete space IR(L) (see below for definitions), and conversely how properties of this space reflect back to the underlying lattice. This space, except in special topological cases, has not been throughly investigated and is not as wellunderstood as the compact Wallman space IR(L).
We begin with a brief review of the relevant Lattice definitions, and the related topological spaces involved. Our notation and terminology is consistent with those in the literature (see e.g. Grassi [1], Huerta [2] , N'beling [3] , and Szeto [4, 5] .
Further details concerning IR(L)can be found in (Grasai [1, 7] and Frolik [6] , [4] ) but these will not be necessary for reading this paper.
NOTATION AND TERMINOLOGY.
We shall let L denote a lattice of subsets of a set X and shall assume that the empty set and X are in L.
(L) and o(L) denote the algebra and o-algebra respectively generated by L. 
If L is normal then since L is 6, a) follows from Alexandroff [8] 
Therefore , e IR(L). The following lemma will be useful in our development of strongly normal lattices:
LEMMA 3.2. Let "I'"2 e I(L). PROOF. A', LCB' and B',-A. Therefore, B2(B') v2(X)= v|(X). Therefore, vI(A) lJl(X) hence x A which is a contradiction.
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As a multidisciplinary field, financial engineering is becoming increasingly important in today's economic and financial world, especially in areas such as portfolio management, asset valuation and prediction, fraud detection, and credit risk management. For example, in a credit risk context, the recently approved Basel II guidelines advise financial institutions to build comprehensible credit risk models in order to optimize their capital allocation policy. Computational methods are being intensively studied and applied to improve the quality of the financial decisions that need to be made. Until now, computational methods and models are central to the analysis of economic and financial decisions.
However, more and more researchers have found that the financial environment is not ruled by mathematical distributions or statistical models. In such situations, some attempts have also been made to develop financial engineering models using intelligent computing approaches. For example, an artificial neural network (ANN) is a nonparametric estimation technique which does not make any distributional assumptions regarding the underlying asset. Instead, ANN approach develops a model using sets of unknown parameters and lets the optimization routine seek the best fitting parameters to obtain the desired results. The main aim of this special issue is not to merely illustrate the superior performance of a new intelligent computational method, but also to demonstrate how it can be used effectively in a financial engineering environment to improve and facilitate financial decision making. In this sense, the submissions should especially address how the results of estimated computational models (e.g., ANN, support vector machines, evolutionary algorithm, and fuzzy models) can be used to develop intelligent, easy-to-use, and/or comprehensible computational systems (e.g., decision support systems, agent-based system, and web-based systems)
This special issue will include (but not be limited to) the following topics:
• Computational methods: artificial intelligence, neural networks, evolutionary algorithms, fuzzy inference, hybrid learning, ensemble learning, cooperative learning, multiagent learning
• Application fields: asset valuation and prediction, asset allocation and portfolio selection, bankruptcy prediction, fraud detection, credit risk management • Implementation aspects: decision support systems, expert systems, information systems, intelligent agents, web service, monitoring, deployment, implementation
